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Motivation: Capture setup & Dataset
e Reflective and textureless surfaces remain challenging for 3D reconstruction without precise camera pose * PR » Reference:
calibration, as RGB feature extraction and matching fails due to photometric inconsistency. B ., e Ve NIRCES ,_ — [1] SuperNormal [Xu Cao ef al, CVPR24]  [3] SPARF [Prune Truong et al., CVPR23]  [5] Nope-NeRF [Wenjing Bian ef al., CVPR23]
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e Surface normal maps maintain geometric consistency, offering a robust alternative to RGB 1mages for oY s 4080000 e
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calibration.
e By leveraging multi-view surface normal maps from photometric stereo, PMNI can jointly optimize both
the surface shape and camera poses.

Capture setup Multi-view/Multi-light images Target objects Pose calibration  Mesh scan * By jointly optimizing shape and camera poses, our method achieves state-of-art performance without
precise calibration.



